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Research opportunity

Huge volumes of data are captured daily

...data that could be used to discover
new knowledge for the benefit of patients



but, this data Is inaccessible to

researchers




Documents ¥ Data @ Community W Code (GitHub) @

Collaborative research

MIMIC is an openly available dataset developed by
the MIT Lab for Computational Physiology,
comprising deidentified health data associated
with ~40,000 critical care patients. It includes
demographics, vital signs, laboratory tests,
medications, and more.

http://mimic.physionet.org
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Code status Full code

GCS: Verbal Oriented

GCS: Moto Obeys commands
GCS: Eye Spontaneously
Platelet, K/uL 48 53
Creatinine, mg/dL 0.7

White blood cell, K/uL 9.1 124
Neutrophil, % 37
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Admission Date: [%%2952-11-3x%x] Discharge Date: [%%2952-11-9%x]

Date of Birth: [%x2887-7-23%x] Sex: F

Service: MEDICINE

Allergies:
No Known Allergies / Adverse Drug Reactions

Attending: [*kFirst Name3 (LF) 3925x%x]
Chief Complaint:
Sepsis, respiratory distress

Major Surgical or Invasive Procedure:
None

History of Present Illness:

F w/ h/o metastatic breast cancer to breast and lungs
currently receiving CMT, brought to the ED by
rehab for abnormal 1abs. She was found to be neutropen C, anemia

100 4, HR 107, BP 92/42 There is also a concern for possible..



Accessing MIMIC

Two key steps to gaining access to MIMIC:

* complete a online course in protecting human
research participants that covers Health
Insurance Portability and Accountability Act
(HIPAA) requirements

* sign a data use agreement, which outlines
appropriate data usage and security standards,
and forbids etforts to identify individual patients.
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Relational database
(a collection of linked spreadsheets)

patients admissions
Each patient —— EEVJZamlsR(s]9 JZamN({ I — subject_idisa
has a unique gender hadm_id (pk) foreign key (fk)
subject_id. This " here. It references
. . dob intime . .
is the primary . a primary key in
key (pk). dod outtime the patients table.
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Patient tracking tables

subject_id

hadm_.id
icustay_id

icustay _id
hadm_id

icustay_id




chartevents

labevents

inputevents

microbiology
events

noteevents

Events tables

Charted observations for a patient

Lalb measurements both within
hospital and outpatient clinics

Input fluids (e.qg. intravenous
medications)

Microbiology measurements and
sensitivities

Deidentified patient notes
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Other data tables

diagnoses_icd Hospital assigned diagnosis codes

procedures_icd Hospital assigned procedure codes

caregivers Caregivers who have recorded data

prescriptions Medications ordered for a patient
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Reusable code

O This repository Pull requests Issues Marketplace Explore

LI MIT-LCP / mimic-cade ® Unwatch~ 56 % Star 234  YFork 239
<> Code Issuas 47 Pull requesis 2 Prcjects © \Wiki Insights Settings
Brarch: master*  mimic-code / concepls / sepsis [ angus.sql Find file  Copy path
g allstalrew] formatting, remove schema from query ahbec?1 on Jan 6

1 contributor

106 lines (181 sloc! 3.34 KB Raw Blame  History [ # W

~= ICD-9 codes for Angus criteria of seps:s

— :\ﬂgll‘i et al, 7pH1. l"p'ﬂf'hl'll."t]'y NT severe sensi1s 1n the [nited LStates

= http://waw.ncoi.nln.nzh.gov/pubmed,/2144567°5

LLase selectio” and detinitions

-= To identify cases with severe sepsis, we selected all acute care
hospitalizzticrs with ICD-9-CM codes for ooth:
(a) a bacterizl or Tungal infectious procsss AND

== (U) & diagynvsis ol acule organ dysfunclion (Appemdix 2).

DRCP MATERLALIZED YIEW LF EXIS15 anqus_sepsis CASCADE;
CREATE MATERIALIZED VIEW angus sepsis as

== ICD-9 codes for infection - 23s sourced from Appendix 1 of above paper
WITH infeclior_yroug AS
(

SELECT subject_id, hadm_id,

CASE




Reproducibility

" * We recommend sharing
GltHUb your code

e |nclude a readme
explaining how your
code can be used.

 |nclude a license, so
people know their rights
GIVLLQOA WD tO reyse.




Widely used internationally
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Mortality prediction in intensive care units with the Super ICU R ese a rC h
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Dy Romain Pirraccho, V'IE ,» Maya L Petersen, MD, Marco Carone, PhD, Matthieu Resche Rigon, ND, Prof Sylvie
Chevret, MD, Prof Mark J van der Laan, PhD
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4 Article Info
This article can be found in the following collections: Respiratory medicine-other
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BIOMEDIN 215 DATA DRIVEN MEDICINE

Wilh the spreas of elecironic heal recorcs, increasingly kepe deba -epos bories of clinical

and olher patierd derived data are being built. Thess dalubases ae large and dificult for any
one speclal 5t 10 enalyze. 7o find the hidden assoc etions within suct dala, we reviaw
meldeds ‘or krce-scaly deta-mining on eleclronic medical records, melhods o nalurgl
language processing and text-mining of medical records, mathads for using ontolegies for
nates.
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Collaborative research

MIMIC is an openly available dataset developed by
the MIT Lab for Computational Physiology,
comprising deidentified health data associated
with ~40,000 critical care patients. It includes
demographics, vital signs, laboratory tests,
medications, and more.
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